Although there is now a substantial international literature on poverty dynamics, both academic and policy discussions on poverty in Nepal continue to focus on static notions of poverty. This paper, for the first time, studies poverty dynamics in Nepal by analysing the determinants of chronic and transient poverty using data from a nationally representative panel of 962 households surveyed in 1995/96 and 2003/04. Suggesting that one of the consequences of poverty is its negative impact on asset accumulation, it also looks at how human capital accumulation differs between transient and chronically poor individuals.
Introduction
As in most other developing countries, poverty reduction strategies and policies in Nepal are primarily informed by periodic cross-section household survey data that provide estimates of static poverty rates. Interestingly, however, the focus of these policies appears to be chronic or long-term poverty-poverty that is not necessarily reflected in cross-sectional survey data. While estimates of poverty at specific points in time might correlate with chronic poverty to some extent, such estimates are more representative of poverty that is transient in nature.
Hence, an issue of interest is the extent to which there is an overlap between the factors that explain transient and chronic poverty. If the determinants of chronic and transient poverty are quite different, then different policy measures would be required to address these two aspects of poverty. An understanding of common determinants, on the other hand, could point to poverty reduction strategies that apply to both poverty types.
In the case of Nepal, however, a rigorous analysis of the determinants/correlates of chronic and transient poverty has never been performed. Hence, the main objective of this study is to explore the differential impacts of various poverty determinants on chronic versus transient poverty at the household level, with a special focus on three explanatory factors: wealth, human capital and ethnicity. The negative relationship between household wealth and poverty has been discussed widely in the literature (World Bank, 1996; Jalan and Ravallion, 1998) . In particular, wealthier households are less likely to experience chronic poverty since they are capable of smoothing consumption over time even in the absence of large amounts of credit. Furthermore, they are in a better position to maintain their consumption by borrowing against their assets, especially after shocks (CPRC, 2004) . Hence, it is expected that household wealth will be found to be an important determinant of both chronic and transient poverty in Nepal. At the same time, however, changes in household wealth should have a greater negative impact on transient poverty than on chronic poverty.
The extensive literature on human capital and earnings has established a near-causal relationship between education and income. It is, therefore, not surprising that investment in education or human capital is seen as a central poverty reduction strategy in many countries, including Nepal. It is, however, not clear whether human capital is a significant determinant of transient poverty. Jalan and Ravallion (1998) , for example, report that educational levels of household members do not have a statistically significant association with transient poverty in the case of rural China. It should be pointed out that unlike wealth, a household's human capital is one of the potential determinants of poverty that can be significantly influenced by government intervention. Hence, the relationship between human capital and poverty is especially important from a policy perspective.
Another important potential determinant of poverty in Nepal from a policy perspective is ethnicity. Among the more than 100 ethnic groups living in Nepal, some marginalised groups have been historically discriminated against and excluded from the mainstream social, political, and economic life of the country. In addition there is some evidence that the poverty rates for such marginalised ethnic groups are much higher than those for Brahmans, Chettris and Newars-the three ethnic groups that comprise over 30% of the population and dominate the politics and economy of Nepal. Evidence based on prior research suggests that the situation in Nepal is similar to the higher poverty rates among ethnic minorities observed in other countries (see, for example, Hall and Patrinos, 2005; Borooah, 2005; Baulch and Masset, 2003; Gang et al., 2002; Van de Walle and Gunewardena, 2001 ). The Chronic Poverty Report (CPRC, 2004 ) also identifies discrimination and social exclusion on the basis of ethnicity or other group characteristics as major maintainers of poverty in some countries.
There is now a growing recognition among both policy-makers and the general public in Nepal that apart from absolute poverty, the relatively higher level of deprivation suffered by certain minorities is a major driver of the ongoing violent Maoist insurgency plaguing the country. 1 But whether or not ethnicity and conflict can explain both transient and chronic poverty in Nepal, when other determinants are also taken into account, is an empirical question open to investigation.
Since human capital is a potential determinant of poverty, policy-makers view investment in human capital as a major long-term strategy for tackling both chronic and transient poverty. But an individual's level of human capital itself is influenced by her family's income and assets. In particular, poverty can have a significant negative impact on an individual's ability to accumulate human capital. Also given the importance of wealth in availing a household of credit both for consumption and investment, household wealth is another potential determinant of human capital at the individual level. Furthermore, as suggested earlier, the educational levels of marginalised ethnic groups are likely to be much lower than those of the privileged groups in Nepal. It is, however, not clear how wealth and ethnicity affect the level of human capital differently for individuals from chronically poor versus transient poor households. The second objective of this study is, therefore, to determine the extent to which differences in wealth and ethnicity can explain the difference in human capital between individuals from chronically poor and transient poor households. This study thus investigates not only the explanations behind chronic and transient poverty but also one of the consequences of poverty, namely the differential impacts of chronic verses transient poverty on human capital.
The main distinguishing feature of this paper is its geographical area of focus. Although there are a number of studies in the literature on the determinants of poverty and on the difference between chronic and transient poverty, we are not aware of other published studies on Nepal that analyse these issues using quantitative data. As one of the poorest countries of the world, Nepal is not only an appropriate place to study poverty dynamics, but it is also a country where a better understanding of poverty dynamics is very useful for policy purposes. Furthermore, the differential impacts of wealth, ethnicity and conflict on these two poverty types is an area that has remained largely unexplored.
As indicated earlier, the study also makes a contribution to the scholarship on poverty dynamics by exploring how human capital accumulation -an important strategy for long term poverty reduction -is affected differently by the poverty status of individuals. The role of wealth, in particular, in determining an individual's level of human capital has not yet been studied in the context of Nepal. The current study is an initial exploration in this direction.
It should be emphasised that problems of attrition and measurement errors can influence poverty estimates and estimates of other relevant variables in studies based on household panel data (Alderman et al., 2000; Baulch and Hoddinott, 2000) . In particular, non-random attrition can bias the estimates of individual variables (Alderman et al., 2000) and measurement errors in the variables of regression models can lead to imprecise coefficient estimates, attenuation bias and omitted variable bias (Gujarati, 2003; Deaton, 1997) . Recognising these potential problems, this study analyses the representativeness of the panel sample used and also attempts to account for one type of measurement error -errors in the dependent variable -using an approach based on McCulloch and Baulch (2000) , Luttmer (2001) and others.
The rest of the paper is organised as follows. Section 2 gives an overview of the poverty situation and poverty research in Nepal. Section 3 presents the methodology for analysing the determinants of chronic and transient poverty, and the determinants of human capital accumulation. It also discusses the approach we use to correct for measurement errors. Section 4 describes the Nepal Living Standards Survey panel data used in this study and discusses the representativeness of the panel sample. The results are presented in Section 5. This section first describes the changes in household welfare between 1995/96 and 2003/04, and then presents regression results that identify the determinants of chronic and transient poverty and the determinants of human capital accumulation. The final section presents some concluding remarks.
2.
Poverty and human development in the Nepali context
Nepal's human development situation in the regional context
Nepal is one of the least developed countries in South Asia in terms of most socio-economic indicators. According to the global Human Development Report 2005, for example, Nepal ranks 136th in the Human Development Index (HDI) ladder, just below Pakistan (UNDP, 2005) . While Nepal has made some progress in health and education during the past few decades and recently advanced to the group of Medium Human Development countries, it is still characterised by an HDI value of 0.526. Table 1 shows how Nepal compares with its South Asian neighbours in terms of some key socio-economic indicators. Nepal is second from the bottom in the HDI ranking, and lags behind most of these countries in terms of the other indicators as well. However, according to the World Bank (2006), two social indicators for Nepal -child malnutrition and access to improved water source -have values similar to the average figures for South Asia as a whole (see Appendix for details). Given the high poverty rate and low level of human development in the country, poverty reduction has consistently been a major focus of Nepal's different national development plans. Surprisingly however, there has been little systematic work on poverty dynamics in the country. In particular, there is only one study (CBS, 2006 ) that has analysed changes in poverty using household panel data. Hence, the brief review of the poverty situation in Nepal presented below focuses primarily on poverty at specific points in time. Although the core analysis in our study deals with chronic and transient poverty in monetary terms, this review also presents a brief assessment of the non-monetary aspects of poverty in Nepal.
Monetary poverty
Monetary poverty refers to quantitative measures of poverty computed using information on per capita consumption and income. A number of national level household surveys have been conducted in Nepal during the previous three decades to estimate monetary poverty. But since these surveys differ widely in the methodologies employed, it is difficult to discuss poverty trends with confidence. Nevertheless, based on these survey data (from 1977, 1984/85 and 1995/96) , Prennushi (1999) concludes that the poverty rate has remained in the low 40s, without any substantial decrease in monetary poverty between the mid-70s and the mid-90s.
The Nepal Living Standards Surveys (NLSS I and II) from 1995/96 and 2003/2004 are the most systematic surveys aimed at gathering data on the living standards of Nepali households. Since they follow the same survey methodology, poverty estimates based on these two surveys can be compared with each other. According to NLSS I, the incidence of poverty in Nepal in 1995/96 was 42 percent (43 percent in rural areas and 22 percent in urban areas) with wide variations in poverty levels across geographical areas, genders and ethnicities. At the national level, the intensity and severity of poverty were estimated at 0.12 and 0.05, respectively (NPC, 1998).
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A recent analysis of NLSS II cross section data by the Nepal Central Bureau of Statistics (CBS, 2005) indicates that poverty incidence at the national level declined from 42% in 1995/96 to 31% in 2003/04. Their analysis shows a significant reduction in poverty in both rural and urban areas, and in the different geographical regions of the country. Considering that this period has been characterised by a notable increase in the destruction of physical infrastructure and disruption of business activities caused by the Maoist insurgents, the above finding appears surprising at first glance. But the decrease can be partly explained by the fact that a large percentage of the poor in the 1995/96 NLSS dataset was concentrated just below the poverty line. Hence, small improvements in the economic conditions of the borderline poor could have translated into a large reduction in the poverty rate over the years. According to the CBS, the probable reasons for the observed decrease in poverty rate include increased remittance income, increased agricultural labour income, growth of the economically active population and rapid urbanisation. The increase in remittances and its contribution to poverty reduction has also been substantiated by the findings of a joint study by DFID and the World Bank (DFID/WB, 2005). However, this study suggests that the benefits from remittances are not necessarily equitably distributed within households and can have a mixed effect on gender relations.
The Nepal Central Bureau of Statistics has also performed an analysis of the panel households included in the NLSS datasets (CBS, 2006) . Their estimates of the poverty rate for panel households are 39% for 1995/96 and 32% for 2003/04. While these figures are somewhat different from those obtained from the cross section data, they nevertheless provide further evidence of the decline in poverty during the eight years between the two surveys. As a first estimate of the level of chronic poverty in Nepal, CBS also reports that 18.5% of the households remained poor in both surveys. But they do not attempt to distinguish between transient and chronic poverty or delve into a discussion of their determinants.
Non-monetary Poverty Indicators
There is an increasing awareness among researchers that focusing simply on monetary measures of welfare reveals only a partial picture of chronic poverty. Deriving appropriate non-monetary indicators of poverty, however, is a major challenge. Hulme and McKay (2005) propose three alternative sets of approaches to measuring non-monetary welfare: assetbased approaches, needs/capability-based approaches and human development approaches. While acknowledging the inherent difficulties in valuing different forms of capital including human and social, they nevertheless argue that it is possible to use the assetbased approach to develop a comprehensive assessment of assets for chronic poverty analysis. Similarly, they also explain that human development and related approaches too are multi-dimensional and can also be more participatory in understanding poverty dynamics. The Hulme and McKay approach provides a useful framework for organising the different non-monetary poverty indicators found in the literature.
As indicated above, monetary and non-monetary indicators can present different pictures of an economy's poverty situation. CPRC (2004), for instance, reports that when households are disaggregated in terms of assets (instead of expenditure), a bigger gap between the rich and poor emerges. Similarly, a study of chronic poverty in Vietnam by Baulch and Masset (2003) shows only a modest overlap between the monetary chronic poor and the nonmonetary chronic poor when stunting, malnourishment and school attendance are used to measure non-monetary welfare. They also find that some of the non-monetary indicators of chronic poverty are more persistent in nature and complement the monetary ones.
In the case of Nepal, some of the indicators of non-monetary poverty include food insecurity, malnutrition, illiteracy and social exclusion (based on gender, ethnicity and geography). The main causes of food insecurity are high dependence on agriculture, small landholdings, inequality in land holdings, low productivity in agriculture and low levels of non-agricultural income. Lately, the problem of food insecurity has worsened in several parts of the country, particularly in the Hills and Mountains, due to an escalation of the conflict associated with the Maoist insurgency. Similarly, malnutrition, particularly among children, is another major indicator of non-monetary poverty. According to the Ministry of Health, 90% of all Nepali children suffers from some form of malnutrition (MOH, 1999) . Inadequate access to food, insufficient basic health services, an unhealthy environment and low levels of education among mothers are some of the major causes of malnutrition in Nepal (NPC, 2005) .
Subjective perceptions of households regarding consumption adequacy can also be used to obtain measures of non-monetary poverty. The NLSS dataset includes responses to minimum income questions (MIQs), which have been used by some researchers to assess Nepal's poverty situation. The responses capture perceptions of households on several aspects of their standard of living including family income and consumption of food, housing, clothing, health care, and children's schooling. Using the 1995/96 NLSS data, Pradhan and Ravallion (2000) have estimated poverty rates based on subjective poverty lines derived from these qualitative responses on perceived consumption adequacy. They conclude that the computed subjective poverty measures are quite consistent with the standard poverty estimates based on monetary welfare. 
Determinants of Nepal's Poverty
While there is no literature on the determinants of chronic poverty in Nepal, past research indicates that most of the factors contributing to static poverty in Nepal are similar to those in other developing countries. As elsewhere, a household's poverty status is potentially related to factors such as household location, household composition, human capital and household wealth (CBS, 2005) .
For example, as indicated earlier, rural households in Nepal are more likely to be poor than urban households. And since agriculture plays a central role in the lives of the rural population, agricultural production, land ownership and land quality can be considered important determinants of rural poverty (Prennushi, 1999) . According to CBS (2005) , households headed by agricultural wage labourers are the poorest while the second poorest group consists of households headed by people self-employed in agriculture. The study also suggests that household size and education are related to the economic status of households. More specifically, it finds that the poverty rate progressively declines as the level of education attained by the household head increases. The constructive role of education in reducing poverty is also documented by Prennushi (1999) , who reports a positive correlation between agricultural incomes and the level of education.
However, there are also a number of other micro-and macro-level factors that might be contributing to Nepal's high poverty rate. These include low economic growth, weak social and economic infrastructure, deep-rooted exclusionary practices, absence of good governance, weak institutions, a relatively high population growth rate and limited access to non-agricultural income. In addition, the violence associated with the ongoing Maoist insurgency is also a factor that cannot be discounted (Seddon and Hussein, 2002) . 3 Furthermore, this economic growth has largely been driven by the growth in the urban service sector, and has not been strong enough to have significant spillover effects on the rural areas. Hence the slow and lopsided economic growth experienced by Nepal has not had a significant impact on the majority of the population in this predominantly rural country.
The urban-based nature of growth can also be seen by examining the NLSS data on per capita expenditure (PCE). Between 1995/96 and 2003/04, increase in real PCE in urban areas was much more prominent (42 %) than the increase in rural areas (27%) (CBS, 2005) . While it would be useful to compare these figures with those obtained from the National Accounts (NA), disaggregated NA-based PCE growth rates for the rural and urban sectors are not provided in published government documents. The available information does, however, indicate that real NA-based PCE at the national level increased by 12% between these two years, a figure significantly lower than the NLSS-based PCE estimate. The discrepancies between the NA and NLSS PCE growth rates can be largely attributed to a number of adjustments made in the computation of NA-based estimates (ibid).
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Further insights into the patterns of growth can be gained from an analysis of Growth Incidence Curves (GICs).
5 A GIC analysis based on the NLSS 1995/96 and 2003/04 data indicates that although real PCE increased for all consumption deciles in both urban and rural areas, the growth was skewed towards urban areas and higher expenditure groups (CBS, 2005) . Interestingly, the growth was equally distributed across the lower and upper halves of the distribution in urban areas, while high-income households experienced higher growth in rural Nepal. These differing growth patterns across the urban-rural divide are consistent with the pattern of poverty decline (higher in urban areas and lower in rural areas).
The low agricultural growth in the nation is partly related to the low returns for the poor in the agricultural sector. The NLSS data indicate that low returns for the poor can be attributed mainly to factors such as smaller size of landholdings, lower share of good quality land, lower share of irrigated land, and lower access to technology and formal-sector credit (Prennushi, 1999) . Given the slow growth in total food grain production and the high population growth rate, Nepal has, since the early 90s, changed from a net exporter to a net importer of food grains (Sharma, 2005) .
The level of social and economic infrastructure in Nepal is low even by South Asian standards. The concentration of public infrastructure in and around urban areas and the lack of basic services in most rural areas are seen to be among the major determinants of poverty. For instance, Prennushi (1999) emphasises that the rural poor suffer not only from an insufficient level of educational and health services but also from their poor quality and relatively higher cost. 3 The average annual growth rate has been estimated from annual growth rates published by the Nepal Ministry of Finance (MOF, 2005) . 4 The 1995/96 NA estimate of private consumption was set at the level of household consumption estimated from the 1995/96 NLSS with an upward adjustment to account for certain items that were not captured in NLSS, such as home produced non-food items, in-kind transfers from government and private consumption of resident foreign households. Also, due to the overwhelming flow of undocumented remittance income in recent years, NA estimates for 2003/04 do not accurately reflect personal income and personal consumption (CBS, 2005) . 5 GICs are constructed by plotting the annualised rate of growth at percentiles of the per capita expenditure distribution.
The Nepali Government itself has recognised that its weak and inefficient institutions are partly to blame for the continuing high poverty in the country (NPC, 2003) . Unresponsive and unmotivated administration at all levels and the over-centralisation of development activities have made most government agencies highly ineffective in delivering services to the poor and needy. These weaknesses also have a strong bearing on the quality of services delivered (ibid).
Politicians, academics and the general public in Nepal are increasingly recognising that social and economic exclusion based on gender and ethnicity continue to play an important role in exacerbating the poverty and deprivations faced by significant segments of the population. The discrimination against women (particularly rural) mostly covers domains of physical survival, health and educational opportunities, ownership of assets, mobility and overall status. Similarly, there are certain ethnic groups who have remained poor for generations due to certain socio-cultural norms that have led to inequities in access to resources and distribution of social and economic status (Panday, 1999) . 6 For example, using 1995/96 NLSS estimates, NESAC (1998) reports that poverty incidence is higher among the people belonging to the lower caste groups and certain non-caste ethnic minorities. In contrast, they find that poverty incidence is lowest among the Newars followed by the Brahmans, the two most privileged groups in Nepal. Unfortunately, there has been little relative improvement in the economic status of the lowest caste groups (the Dalits One recent analysis suggests that social exclusion also plays an important role in determining a household's level of wealth (DFID/WB, 2005) . Using a composite wealth ranking score (comprising of ownership of consumer goods, land and house), the study reports that Janajatis and the Tarai middle caste groups stand in second place, while the privileged group (Brahmans, Chhetris and Newars) and the Dalits are at the top and bottom, respectively.
9 Similarly, the study finds that ethnicity has a significant association with schooling as well. More specifically, it finds that members of the Brahman-Chettri-Newar group have, on average, completed twice as much schooling as the Dalits. The difference between the Brahman-Chettri-Newar group and the Janajatis is even greater. At the same time, the study also cautions that while Brahmans and Chettris are, on average, relatively privileged, a large number of the rural poor belong to these castes. 6 The term "ethnic group" is used in this paper to denote different caste groups within the traditional Hindu caste structure as well as other culturally distinct population groups who are outside the caste structure. 7 The word Dalit literally means a person immersed in a swamp. Dalits are the supposedly 'untouchable castes' and comprise around 11% of the population. They have traditionally worked in occupations considered "unclean" by the upper castes. For example, most blacksmiths, cobblers, tailors, washermen (women) and sweepers are Dalits. 8 The majority of the Janajatis come from the hill and mountain areas. The hill Janajatis comprise around 22% of the population (Gurung, 2006) .
3.
Methodological details
Determinants of transient and chronic poverty

Measuring transient and chronic poverty
Our analysis of poverty determinants focuses on monetary poverty computed using household per capita expenditure (or consumption) as the relevant welfare measure. Although household per capita income could also be used to measure welfare, per capita expenditure better captures the consumption smoothing behavior of households and is also less susceptible to measurement errors, especially within the context of developing countries (see Ravallion, 1992; McCulloch and Baulch, 2000; WBI, 2005) . Hence it is common practice to use per capita expenditure as the preferred indicator of welfare when analysing poverty in developing countries.
The poverty status of a household in any particular year is determined by comparing its per capita expenditure with a year-specific poverty line derived by the Nepal Central Bureau of Statistics using the Cost-of-Basic-Needs (CBN) approach (CBS, 2005; Lanjouw et al., 1999) . 10 The CBS methodology takes into account differences in cost of living in different areas of the country by dividing the nation into six regions and deriving price indices for each region. Expressed in terms of 1995/96 prices in one of these six regions -rural eastern teraithe CBN poverty lines for NLSS I and NLSS II are Rs. 4655 and Rs. 4749 per year, respectively.
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The concepts of chronic and transient poverty can be operationalised by utilising household poverty status in the different years of the panel. One popular approach to measuring chronic and transient poverty is that of Jalan and Ravallion (1998) where a household's total poverty is defined as an inter-temporal average poverty measure that can be decomposed into transient and chronic components. Thus, any household that is poor in at least one wave of the panel can potentially have both transient and chronic poverty components. This way of measuring chronic and transient poverty, however, relies on the computation of intertemporal mean consumption which cannot be properly captured using only two waves of panel data. Hence, in this study, we take the much simpler "spells approach" to defining chronic and transient poverty (McKay and Lawson, 2003) . Within this framework, a household that is poor in only one period is classified as transient poor, while a household that is poor in both periods is considered to be chronically poor. 12 10 CBS uses 2,124 kcal per day as the minimum caloric requirement for the average Nepali household. The food poverty line is the cost of a food basket with 2,124 kcal caloric content. The Cost-of-BasicNeeds poverty line is derived by adding to the food poverty line the amount spent by the average borderline-poor household on non-food items. 11 The poverty line for NLSS II is slightly different from the NLSS I poverty line because of changes in the demographic composition of the average Nepali household (CBS, 2005) . 12 Note that the spells approach to measuring chronic and transient poverty is problematic when there are many waves in the panel since it would classify as chronically poor only those households that were poor in every period. Another criticism of this approach is that its use of discrete welfare indicators (i.e., poverty status) results in a loss of information available in the underlying continuous measure of welfare (i.e., per capita expenditure).
Correcting for measurement error
As discussed above, we use household expenditure as the welfare measure for computing poverty. But as in the case of any other welfare indicator, the poverty level computed using expenditure can be contaminated by measurement errors.
One way to correct for measurement error is by adjusting the observed consumption measure by the reliability of the measure. If we model the observed per capita consumption of a household i at time t , it C , as the sum of the true consumption, 
where i C is the inter-temporal average consumption for household i . Using
C as the measure of welfare will then account for the influence of measurement errors without altering the mean value of consumption. In theory, C r is the correlation coefficient between two realizations of it C (Trochim, 2001 (Luttmer, 2001) . One instrumental variable we will use for this purpose is lagged consumption, C C m = + , and make the assumption that a household's observed income, it y , is linearly related to true consumption * it C as follows:
Let us also model true consumption as a simple linear function of the true consumption in the previous time period, i.e.,
Then a simple rearrangement of the above equations leads to the following three equations: m . It can be shown that, under these assumptions, the reliability coefficient can be computed simply as (see Luttmer, 2001 ):
Corr C C Corr C y r Corr C y
The estimate of C r from equation (7) is used in equation (1) to obtain an error-adjusted consumption measure.
Use of equivalence scales
Given the differing consumption needs of different household members and the existence of economies of scale in consumption, we would ideally want to use equivalized household per capita expenditure when analysing the determinants of poverty. The appropriateness of using adult equivalent per capita expenditure, however, is questionable in the case of Nepal since Nepal-specific equivalent scales have not been estimated. Hence, the current study focuses on non-equivalized per capita expenditure and presents results based on equivalized expenditure only as supplementary information. The equivalence scale used here is computed as 
Determinants of poverty
As poverty outcome can only take three distinct values in our framework, it is necessary to use a discrete choice model to analyse the determinants of chronic and transient poverty.
We use a multinomial logit model for this purpose. While ordered logit or probit models are also possible alternatives, they are less suitable for this study since poverty status is not necessarily an ordinal response variable. More specifically, although poverty status is based on an underlying welfare measure (per capita expenditure) defined on an interval scale, it is not always appropriate to assume that chronic poverty represents a higher level of deprivation than transient poverty, as would be implied by treating it as an ordinal variable. Hence, it is reasonable to view poverty status as a nominal variable and use a multinomial logit model for the analysis.
The dependent variable of the model can take one of three discrete values indicating the poverty status of a household (non-poor, transient poor and chronically poor). While a host of explanatory variables are included in the model, the study focuses on wealth, human capital and ethnicity. As the goal is to explore how initial socio-economic status of a household might affect the household's poverty status over time, the 1995/96 values of the explanatory 13 C r can also be estimated as the ratio variables are used in the regressions. The probability ( ij P ) that a household i is in a particular poverty state j is modelled as a function of explanatory variables i X as follows:
where j β represents a vector of coefficients, 0 β is set to 0 , and j can take the values 0 (non-poor), 1 (transient poor) and 2 (chronically poor). The non-poor state ( 0 j = ) is used as the base category in the regressions based on Equation (8).
The NLSS surveys include a number of questions asking households to value their assets. We use home value, aggregate value of agricultural land and value of livestock owned as indicators of wealth. The level of a household's human capital is captured by three variables representing the percentage of adults with various levels of education and one variable representing the percentage of household members suffering from chronic illness.
14 Recall that there are over 100 ethnic groups in Nepal. For the purpose of this analysis, these ethnic groups are regrouped into four broad categories: the privileged group comprising primarily of the Brahmans, Chettris and Newars; the marginalized non-caste ethnic groups or Janajatis; the supposedly "untouchable" castes or Dalits; and other ethnic groups. Three dummy variables are used to represent these four broad categories.
The other explanatory variables used in the model include employment characteristics of household members, a number of household demographic and community characteristics, and three regional dummies denoting the survey stratum to which the household belongs. One of the important community characteristics included here is the intensity of the ongoing violent conflict in Nepal, proxied by the total number of Maoist and Government killings at the district level between 1996 and 2003. In terms of the number of casualties, the civil war in Nepal can be considered one of the highest intensity internal conflicts in the world (Murshed and Gates, 2005) . This variable is expected to have a positive association with the probability of being poor. The complete list of explanatory variables can be found in Table 11 in the results section.
Poverty and human capital accumulation
The second objective of this study is to analyse the extent to which wealth and ethnicity differences can explain the gap in human capital accumulation between the transient poor and chronically poor individuals. We use educational attainment as the indicator of human capital accumulation by an individual. The most common measure of educational attainment in the literature is the number of years of education (excluding grade repetitions). We too use this measure.
A two-step approach is used to explain the gap in human capital accumulation between the transient and chronically poor groups. In the first step, we run a separate regression for each poverty group to investigate the influence of wealth, expenditure and ethnicity on human capital accumulation. These regressions model the educational attainment of individual i as
14 Chronic illness include diseases such as heart conditions, asthma, epilepsy, cancer, diabetes, cirrhosis of the liver and other long-term illnesses. Apart from indicators for consumption, wealth and ethnicity, the explanatory variables in Equation (9) include individual demographic characteristics (age, sex and ethnicity), household demographic characteristics, household employment situation, family's education background, district characteristics, household's access to electricity and proximity to school, and stratum dummies to indicate household location. 15 The decision to incorporate these variables in the model was based on a review of the literature.
In the second step, we use the standard Oaxaca-Blinder decomposition method (Oaxaca, 1973; Blinder, 1973) to analyse the extent to which wealth, ethnicity and other variables explain the gap in educational attainment between individuals from the two poverty groups.
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The procedure basically involves comparing the OLS regression results from the two groups using one of the groups as the baseline.
As the estimated regression line goes through the mean values of the variables, we can compute the mean educational attainment for the two groups from equation (9) as: 
where ( ) ( )
captures the contribution of differences in the levels of the different characteristics in explaining the educational attainment gap. The second represents the contribution of structural differences in returns to these factors; it basically shows what the difference in educational attainment would be for the two population groups even if they were endowed with the same characteristics. It should be noted that while the above decomposition uses returns to group A, A γ , as the reference, it is also possible to use the returns to group B, B γ , as the reference and the results using the two approaches could be significantly different in certain cases. In order to avoid this problem, we use the coefficients from a pooled regression of the two groups as suggested by Oaxaca and Ransom (1994) and Neumark (1988) .
Data and sample characteristics
The quantitative data used in this study are drawn mainly from the Nepal Living Standards Survey (NLSS) conducted by the Nepal Central Bureau of Statistics (CBS) in two rounds, first in 1995 /2004 (CBS, 2004 . The 1995/1996 round of this survey (NLSS I) includes a nationally representative cross-section sample of 3373 urban and rural households. The second round (NLSS II) includes a different nationally representative crosssection sample of 3912 households along with a panel component consisting of a subsample of 962 households from NLSS I. This is the first and only national level household living standard panel survey that has been conducted in Nepal.
One of the variables of interest to this study is the intensity of violent conflict in various parts of the country. As this information is not available in the NLSS datasets, relevant conflictrelated data have been obtained from the Nepali non-governmental human rights organization Informal Sector Service Centre (INSEC) (INSEC, 2005) . The INSEC data include district-level information on the total number of killings by the Maoist insurgents and the Government between 1996 and 2003.
The following paragraphs first briefly discuss the sampling methodology used in NLSS I and in the selection of the panel. It then analyses the representativeness of the panel households using simple descriptive statistics and studies the severity of attrition in the panel using a logistic regression model.
NLSS I sampling methodology and panel selection
The 3373 households in NLSS I were selected using a two-stage stratified random sampling design with four strata -mountains, urban hills, rural hills and the Terai (flatlands) -representing the natural geographical divisions of the country. 17 In the first stage, 275 primary sampling units (PSUs) were selected randomly from the four strata using probability proportional to size (PPS) sampling. 18 Then, in the second stage, a systematic random sample of 12 households was selected from each PSU. The sampling frame for this task was based on the population census of 1991 (CBS, 2004) . 19 The panel sample, which consisted of 100 PSUs and 1232 households, was drawn from the 275 PSUs comprising the NLSS I sample. In order to maintain the representativeness of the sample, the 100 panel PSUs were distributed across the four strata in the same proportions as the original 275 PSUs. The panel PSUs within each stratum were selected using simple random sampling. Among the 1232 panel households, 72 were located in five PSUs that were inaccessible in the NLSS II round because of the ongoing violent insurgency. A further 198 households could not be tracked. Hence, the final panel sample consisted of 962 households distributed over 95 PSUs. The distribution of panel households and the attrition rate in each stratum are summarized in Table 3 . Note that approximately 22% of the original 1232 households in the sample dropped out of the panel. The attrition rate in any panel survey depends partly on the household tracking rule. In the NLSS panel survey, the panel households were tracked using the name lists of household heads interviewed in 1995/96. If a household that could be located had not split between the two surveys, the enumerators were required to interview the household head. However, in the case of split households, the selection of panel households was based on the following set of rules ( 
Representativeness of the panel
Most panel datasets suffer from some degree of attrition. Alderman et al. (2000) analyse the extent and implications of attrition for three developing countries and conclude that attrition does not generally affect the consistency of coefficient estimates in linear regressions and models with categorical dependent variables. Zabel (1998) and Ziliak and Kniesner (1998) also report similar findings in the case of panel data from the US. However, as mentioned earlier, non-random attrition can bias the estimates of individual variables.
Given the loss of approximately 22% of the original panel sample households, it is relevant to ask whether or not the results from our sample are generalisable to the larger population. In general, however, a higher percentage of drop-outs from the sample does not necessarily lead to a higher attrition bias even though it does, of course, result in loss of precision when estimating parameters (Fitzerald et al., 1998) . As a first step in answering this question, we study the representativeness of the panel by comparing the geographical distribution of households in the various samples of interest, namely the NLSS I cross section sample, the originally selected panel and the final panel. Table 4 presents the percentage distribution of households in the different samples across the four strata used in the sampling design. The figures shown are weighted proportions that account for sampling weights. As can be seen from columns (a) and (b), the distribution of the original sample of 1232 panel households is very similar to that of the NLSS I cross section. But it is instructive to statistically test whether the two distributions are different before drawing conclusions. A suitable test for this purpose is the Chi-squared test, which can be performed by comparing the frequencies (number of households) in the different strata for the panel households with the frequencies that would result if these households followed the distribution in the cross section sample. The Chi-squared test failed to reject the null hypotheses of no difference between the samples at the 5% significance level.
Column (c) presents the distribution of the final panel households across the four strata.
Compared with the original panel in column (b), the final panel appears to have disproportionally more households in the Terai and disproportionally fewer households in the mountains. However, this difference is not statistically significant at the 5% level when a Chisquared test is performed to compare the samples.
While the above results indicate that the final panel sample adequately represents the distribution of households across the different strata, they do not ensure that the panel sample is representative of the larger population in term of the key household characteristic of interest to us, namely household per capita consumption. Table 5 shows how the average real per capita consumption (expenditure) of households for each stratum differs among the three samples. Note: None of the differences in the last three columns is statistically significant at 5% level.
Observe from the last row that, at the national level, mean household per capita consumption of the NLSS I cross section (Rs. 6311) is around 2% lower than that of the originally selected panel households (Rs. 6437). 20 And the percentage difference between the originally selected panel households and the households that were tracked (final panel) is only slightly larger (2.1%). It is, therefore, not surprising that both these differences are statistically insignificant at the 5% level. When the per capita consumptions of the individual strata are compared, we see that the differences between the NLSS I cross section and the original panel ranges from 0.2% in the Terai to 14.8% in the urban hills. The corresponding per capita consumption difference in the urban hills between the original panel and the final panel is much smaller at .5%. None of the differences, however, is statistically significant at the 5% level.
Finally, the last column of Table 5 shows the difference in per capita expenditure between the NLSS I cross section and the 962 final panel households. Again, although the per capita expenditure difference in the nation as a whole is 4.1%, and is as large as 14% in one of the strata, none of the differences is statistically significant.
The results of the above analyses suggest that the panel sample represents the population fairly well in terms of geographical distribution and mean per capita expenditure. But they do not indicate whether or not the inclusion of a household in the final panel depends on other variables of interest to this study. Neither do they shed light on the potential influence of these variables on the attrition of panel households between the two surveys. A standard approach to addressing these issues is to use a logit model that relates the likelihood of inclusion in a group to a host of explanatory variables in the first survey. Table 6 summarizes the results of the relevant logit regressions. The names of the variables used in this table are self-explanatory.
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The first regression in Table 6 shows how different variables are related to whether or not an NLSS I cross-section household is included in the final panel of 962 households. The explanatory variables include household demographic characteristics, household human capital, household employment characteristics, household wealth and income, and certain district specific characteristics. The results indicate that none of the explanatory variables has a statistically significant relationship (at the 5% level) with the probability of a household being included in the final sample. Note that the insignificant coefficient on household per capita expenditure provides further support to our earlier finding that there is no significant difference in per capita expenditure between the final panel and the NLSS 1 cross section. Hence, we can conclude that the final panel represents the NLSS I cross section, and subsequently the national population of households, fairly well.
Regression (2) shows how a panel household's probability of dropping out of the panel between NLSS I and NLSS II is related to different household and community characteristics. As in regression (1), none of the coefficients is statistically significant at the 5% level. 22 These results indicate that attrition bias is not a major problem for studying poverty dynamics at the national level. 20 Household per capita consumption refers to the household expenditure divided by household size. 21 The variable "% of HH members with chronic illness" refers to long-term illnesses including heart conditions, asthma, epilepsy, cancer, diabetes and cirrhosis of the liver (CBS, 1996) . 22 It is somewhat surprising that the intensity of violent conflict, represented by the district-level number of insurgency-related killings, is not related to attrition. 
Results
Changes in welfare between 1995/96 and 2003/04
Utilizing per capita expenditure data for the 962 panel households, this section summarises the changes in welfare experienced by Nepali households between 1995/96 and 2003/04. As indicated in the methodology section, we use measurement-error corrected per capita expenditure figures in this paper. However, for reference, Table 7 presents observed as well as measurement-error corrected household average per capita expenditures for the two survey years. As is clear from Table 7 , there was a statistically significant increase in household average real per capita expenditure between 1995/96 and 2003/04 in the nation as a whole, as well as in two of the four strata. It should also be pointed out that the two strata with statistically insignificant increases in household per capita expenditure are both rural areas. Hence, these results suggest that the increase in monetary welfare in the nation was primarily an urban phenomenon. The mobility of individual households in terms of their expenditures can best be described using poverty transition matrices. The transition matrix in Table 8 shows the changes in poverty status of households between the two survey years. In this table, a household is considered food-poor if its per capita expenditure is below the food poverty line. Similarly a household is defined as moderately poor if its per capita expenditure is between the CBS Cost-of-Basic-Needs poverty line and the food poverty line. Table 8 shows that 53% of the households were non-poor in both years. On the other hand, the percentages of households that remained in the moderately poor and food poor categories in the two years were 9% and 3%, respectively. Hence, approximately 65% of the households did not change their poverty status between the two years, a fact captured by the immobility index value of 0.65. 23 The dependence of household poverty status in 2003/04 on the status in 1995/96 (and vice versa) is also confirmed by the high Chi-squared value, which allows us to reject the null hypothesis of independence between the two years at the 1% significance level.
The remaining 35% of households moved among the three poverty categories between the two waves of the survey. As indicated by the sum of the cell percentages below the leading diagonal of the transition matrix, 21% of the households experienced an improvement in their poverty status. In contrast, only around 14% of the households experienced a decline in their economic status during this period. Furthermore, compared with approximately 14% of the households moving from the moderately poor and food poor categories to the non-poor category, the percentage that fell into poverty was approximately 13%. These results are consistent with the overall increase in per capita expenditure shown in Table 7 . Finally, it is also important to point out that there was some movement of households between the moderately poor and food poor categories during this period. 
Note: Top number is cell frequency and bottom number is cell percentage (in parentheses)
Immobility index = .647; chi2(4) = 195.59; P-value < .001
The transition matrix in Table 9 is similar to Table 8 except that now the food-poor and moderately poor households are collectively referred to simply as poor households. Since this matrix does not show the transition between the moderately poor and food-poor households separately, a larger percentage (73%) of households appear to remain unchanged in terms of poverty status. Observe that the total poverty rate in 2003/04 (33%) is slightly lower than that in 1995/96. Immobility index = .732; chi2(1) = 154.60; P-value < .001
As explained in the methodology section, we define households that are poor in both surveys as chronically poor and those that are poor in only one period as transient poor. Hence, the figures in Table 9 indicate that the chronic poverty rate and transient poverty rate are 20% and 27%, respectively. This information is summarised in the last column of Table 11 presents some descriptive statistics for the different explanatory variables used to analyse the determinants of chronic and transient poverty. The variables have been grouped into a number of broad categories including household demographics, human capital, occupational characteristics, household wealth and regional characteristics. The figures in this table suggest that the poor households, and in particular the chronically poor households, are at a disadvantage compared with the non-poor households in terms of most of these characteristics.
Determinants of chronic and transient poverty
Descriptive evidence
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Except for age of household head, all the demographic variables differ among the three poverty groups. As might be expected, household size gets progressively larger as we move from the non-poor to the chronically poor households. The percentage of individuals under 15 and above 59 years of age -the dependent population -also increases in the same manner. Interestingly, the percentage of female headed households is lower among the chronically poor than in the other two groups. Rather than indicating that female-headed households are better off, this observation could be pointing to differing labour migration patterns among these three groups. In particular, it suggests that compared with adult males 24 While not presented in from the non-poor and transient-poor households, the males of chronically poor households might be less capable of migrating in search of work. This speculation is consistent with the statistics on households receiving remittances, which shows a lower percentage of remittance households for the chronically poor group.
The statistics on ethnicity indicate that the most underprivileged ethnic group, the Dalits, comprise a distinctly larger percentage of the chronically poor compared with the non-poor. Their presence in the transient poor group is also relatively strong. A similar pattern can be observed for the next underprivileged ethnic group, the Janajatis. The privileged Brahman- The number of observations shown here are different from the number of observations in Table 9 . The reason for the difference is that while the numbers in Table 9 have been computed using sampling weights, the current table presents the actual number of observations in the sample.
Chettri-Newar group, on the other hand, has a disproportionately larger representation among the non-poor households.
All three human capital variables representing the educational attainment of household members show that chronically poor households are particularly disadvantaged. On average, only 15% of the chronically poor household adults can read and write, while the percentage is 42 in the case of the non-poor households. The transient poor households fare better than the chronically poor, but are nevertheless far behind the non-poor households. A similar pattern is observed when we look at the percentage of adults with primary and secondary education. However, the fourth human capital variable -the percentage of household members with chronic illness -does not indicate much difference between the non-poor and poor groups.
In terms of the employment and occupational structure of household members, the chronically poor households have, on average, the largest percentage of unemployed adults. Similarly, a larger percentage of adults from poor households is engaged in agriculture compared with adults from non-poor households. Also note that even in the case of nonpoor households, over 60% of the adults work in the agriculture sector, indicating how strongly the majority of Nepali households depend on agriculture-related work.
We use three indicators of household wealth in this study -home value, value of agricultural land owned, and value of livestock owned. As might be expected, both the transient and chronically poor household groups have substantially lower levels of wealth compared with the non-poor. For example, the average home value of the non-poor households is approximately four and five times higher than that of the transient poor and chronically poor households, respectively. Similarly, the average value of agricultural land owned by non-poor households is 4.5 times larger than that owned by chronically-poor households.
This study includes four regional characteristics among the explanatory variables. The first is the level of violent political conflict between the two waves of the survey in the household's district. On average, compared with the non-poor households, the transient and chronically poor households come from districts that have experienced higher levels of political violence. More specifically, the average number of insurgency-related killings at the district level was 54, 92 and 116 for the non-poor, transient poor and chronically poor groups, respectively. This observation suggests that the poor in the country might have suffered disproportionately from the ongoing conflict.
The second and third regional characteristics considered here are the percentage of literate adults in the district and the level of economic inequality in the district, respectively. The latter is represented by two variables -a land gini coefficient and a consumption-based gini coefficient. 25 While the non-poor households have a much higher district-level literacy rate than the poor households, there is surprisingly little difference in district-level inequality among the three groups of households. The fourth regional variable is the locational characteristic of the household as represented by the stratum to which it belongs. While the three poverty groups do not differ much in terms of this characteristic, we do observe a higher percentage of the non-poor and a very low percentage of the chronically poor in the urban hill area.
The above descriptive evidence on the differences between the three poverty groups suggests that a household's welfare is potentially related to most of the characteristics listed in Table 11 . A multivariate investigation of the relationship between these characteristics and a household's poverty status is presented in the discussion that follows. Table 12 presents the multinomial logit regression results for the determinants of chronic and transient poverty. In model (1), non-equivalized household per capita expenditure is used to estimate the poverty status of households. Models (2) and (3) present supplementary regression results based on equivalized per capita expenditures computed using the equivalence scale discussed in the methodology section. The scale economy parameter, θ , is set equal to 1.0 in model (2) and 0.85 in model (3) to illustrate how the results change when modifications in the equivalence scale are made.
Multinomial logit results
26 Apart from reporting whether the different explanatory variables have statistically significant associations with the two poverty outcomes, the table also presents the relative risk ratios (RRR) associated with these variables. The RRR shows how the predicted odds favouring an outcome (compared with the base outcome -being non-poor) are multiplied per unit increase in the value of the associated explanatory variable, when we control for the other variables in the model. Hence, an RRR value greater than one indicates a positive association between the explanatory variable and the outcome under consideration, while an RRR smaller than one represents a negative relationship.
Recall that in this study, we are particularly interested in how ethnicity, human capital and wealth are related to the two types of poverty. Surprisingly, the results from model (1) indicate that there is no statistically significant association between ethnicity and poverty (either transient or chronic). More specifically, the odds that a Dalit or Janajati household is chronically or transient poor (rather than non-poor) are not significantly higher than the odds that a Brahman-Chettri-Newar household is chronically or transient poor, when we control for the characteristics represented by the other explanatory variables. Models (2) and (3) too show similar results, although Dalit households have higher relative odds of experiencing chronic poverty in model (2) (albeit only at the 10% significance level).
Among the education-related human capital variables, the percentage of adults with primary education and the percentage with secondary education do not show a statistically significant relationship with either transient or chronic poverty. 27 However, the percentage of literate household adults has a negative and significant (at the 1% level) relationship with chronic poverty in model (1). As shown in models (2) and (3), the relationship becomes significant for transient poverty as well, when adult equivalence scales are used. It is interesting to note that, in the case of this variable, the estimated RRRs for chronic poverty are substantially smaller than those for transient poverty, suggesting that a unit increase in human capital decreases the odds of being chronically poor more than the odds of being transient poor.
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The fourth human capital variable -percentage of household members with chronic illnessis not a significant determinant of either form of poverty in any of the specifications. 26 We ran a number of regressions using a range of values for θ . Here, we present results only for the above two θ values for illustrative purposes. 27 We also tried using the household's average years of education in place of these two human capital variables. But there was little qualitative difference in the results.
When interpreting relative risk ratios, it is useful to remember that an RRR value of 1 indicates a lack of association between the explanatory variable and the outcome. Hence, the strength of the relationship is reflected in how far the RRR deviates from 1. 21.5 23.6 25.9 Dependent variable: poverty status (0=non-poor, 1=transient poor, 2= chronic poor), with base category poverty status = 0 * significant at 5%; ** significant at 1% Note: The relative risk ratio (RRR) shows how the odds of being transient poor or chronic poor (compared to being non-poor) are multiplied per unit increase in the explanatory variable.. While all three wealth indicators considered here show a negative association with both chronic and transient poverty, the coefficient on home value is statistically significant only in model (2). On the other hand, an increase in the value of the household's livestock is associated with a statistically significant decrease in the odds of being transient poor in all three models and in the odds of being chronically poor in the first two models. The value of the household's agricultural land holdings has a statistically significant negative relationship with both forms of poverty in model (3) and with chronic poverty in model (2).
The remaining explanatory variables deal with household demographics, employment and occupational characteristics, and regional characteristics. The results indicate that household size is the only demographic variable that has a consistently statistically significant relationship with transient and chronic poverty in all three models. More specifically, they show that the odds of a household's being either chronically poor or transient poor increase with household size, a result that is consistent with the findings in the literature on other countries (e.g., Haddad and Ahmed, 2003) . The sex and age of the household head, on the other hand, do not appear to have a significant association with poverty when the other household characteristics are accounted for. In model (1), a larger percentage of household members below 5 and above 59 years of age is associated with higher odds of being chronically poor. But this relationship is not consistent across the three models.
The percentage of unemployed adults in the household, the percentage of adults working primarily in the agricultural wage sector, and the percentage of adults who are self employed in the agricultural sector have statistically insignificant relationships with both forms of poverty in all three specifications. Similarly, the odds of being poor (either chronically or transient) are not related to whether or not the household receives remittances in model (1). But there is a statistically significant negative relationship (albeit only at the 10% significance level) between remittances and chronic poverty in model (2), and between remittances and transient poverty in model (3). Hence, there is some indication that the remittance economy might be playing a role in reducing poverty.
Among the regional characteristics under consideration, two show a consistent and statistically significant relationship with both chronic and transient poverty. They are the number of insurgency-related killings in the district and the percentage of literate adults in the district. On average, a higher level of political violence in the district is associated with higher relative odds of being both chronically poor and transient poor. It is, however, not possible to infer whether this relationship is stronger for chronic poverty or transient poverty. Similarly, there is a statistically significant negative association between district-level human capital (percentage of literate adults) and both forms of poverty.
The RRRs associated with district land gini are smaller than unity for the chronically poor, indicating that higher inequality in terms of land holding is associated with higher odds of being chronically poor. This variable is not, however, significantly related to transient poverty. The district consumption gini, on the other hand, does not show a significant relationship with either form of poverty. As for the locational characteristics represented by the stratum of the household, there is some indication that, on average, the odds of being poor are higher in the rural hills and lower in the urban hills and the terai compared with the mountains. Also observe that, in each of the three models, the RRR associated with rural hills is larger for chronic poverty than for transient poverty. Hence, being in the rural hills increases the odds of being chronically poor more than the odds of transient poor.
To summarise, the following findings regarding the determinants of chronic and transient poverty are highlighted by the results presented above. First, contrary to observations and speculations in the literature based on descriptive statistics (DFID/World Bank, 2005) , ethnicity is not a significant determinant of either form of poverty in Nepal. While it is true that Dalits in particular have a substantially larger percentage of their population in the two poverty categories compared with the Brahman-Chettri-Newar group, their higher poverty rates can largely be explained by other household and regional variables.
Second, as per our expectations, human capital -both at the household level and at the district level -is an important determinant of transient as well as chronic poverty. However, this variable has a stronger association with chronic than with transient poverty, highlighting the strong role of human capital development in raising the long-term welfare of households. Our findings also suggest that poverty status is more strongly related to adult literacy rate than to higher educational attainment. This finding is consistent with research outcomes on the returns to education in Nepal that show higher returns to primary education compared with secondary and tertiary education (Parajuli, 1999) , and is not surprising given the low level of educational attainment in the nation.
Third, wealth -as represented by livestock possession -too has a significant negative association with both forms of poverty. Land ownership is also significant in one of the models and appears to negatively affect chronic poverty more than transient poverty. 29 The importance of agricultural land holding in determining the welfare of the economically weaker segments of society is also illustrated by the positive relationship between land inequality and chronic poverty. Hence, these findings support the widely held view among scholars and development agencies in Nepal that poverty alleviation programmes must focus on rural livelihood strategies related to farming and agriculture (Prennushi, 1999; NPC, 2003; NPC, 2005) .
Fourth, the ongoing violent insurgency is strongly related to both chronic and transient poverty. The insurgency has resulted in the killing of over 13,000 individuals, destruction of public infrastructure, displacement of families, diversion of manpower to military activities, increase in violent crime and an out-migration of able-bodied adults from rural areas. While it is difficult to establish a causal link between the level of conflict and poverty, we can speculate that the above mentioned outcomes of the insurgency must have had a negative impact on the economic welfare of the population. Currently, both the government of elected people's representatives and the Maoist rebels have suspended their military operations, and are working out a peace process that will enable the Maoists to join the government and end the civil war. This temporary suspension of hostilities has prompted many displaced families and working adults to return to their homes even though the rebels continue to restrict these people's movements. Hence, there are grounds to assume that a permanent peace settlement will have an overall positive impact on the welfare of Nepali households.
And fifth, a larger number of coefficients for chronic poverty are statistically significant compared with the coefficients for transient poverty in models (1) and (2). This result, which indicates that our model is better able to predict chronic poverty compared with transient poverty, is consistent with the findings discussed in Haddad and Ahmed (2003) and Baulch and Hoddinott (2000) .
Poverty and human capital accumulation
Determinants of human capital accumulation
The previous subsection has established that human capital is an important determinant of both chronic and transient poverty. We now investigate the extent to which ethnicity, wealth and other factors explain the gap in human capital accumulation between the transient poor and chronically poor individuals.
As discussed in the methodology, an analysis of the determinants of human capital accumulation using Equation (9) is the first step in this process. The descriptive statistics for the variables used in the human capital regressions are listed in Table 13 . Horizontal lines are used to organize the variables into broad categories. The figures are for individuals who were 7 years or older (i.e., at least of school-going age) in 2003/2004 . Observe that the average years of education for the transient poor individuals is around .244 (or 26%) higher than that for the chronically poor.
The regression results for both chronically and transient poor individuals are presented in Table 14 . Let us first look at the ethnicity and household economic status variables. The results indicate that ethnicity is clearly an important determinant of human capital accumulation, especially for chronically poor individuals. As can be seen from the statistically significant negative coefficients on the ethnicity dummies for the chronically poor, all three ethnic groups -Janajatis, Dalits and Others -have significantly fewer years of education than the Brahmans, Chettris and Newars. In the case of the transient poor group, the negative relationship is significant only for the Dalits, who constitute the most underprivileged group.
Household wealth, as represented by home value and land value, has a significant positive association with educational attainment only for the transient poor. This finding suggests that the level of wealth among the chronically poor is too low for variations in wealth to have an impact on the household's ability to educate its members. On the other hand, the transient poor appear better able to leverage their greater wealth for human capital accumulation purposes. Similarly, the coefficient on per capita expenditure is insignificant for both groups, again perhaps because the per capita expenditure levels are so low. Although not presented here, it is relevant to point out that per capita expenditure does have a statistically significant relationship with educational attainment in the case of non-poor individuals.
Among the age-sex characteristics of the individual, only sex has a statistically significant relationship with educational attainment. As might be expected, males have more years of education than females in both poverty groups. However, the relationship is stronger for the transient poor. None of the household demographic characteristics are significantly associated with the educational attainment of the transient poor individuals. The coefficients on the demographic characteristics for the chronically poor regression too are insignificant except for the one on household size. Surprisingly, this coefficient is positive, indicating that individuals from larger households have more years of education.
The coefficients on the two household human capital variables -father's education and household head's health -are insignificant for the transient poor group, although the positive sign of the coefficient on father's education is consistent with the evidence in the literature on the beneficial impact of parental education on the education of children (e.g., see Prennushi, 1999) . But father's education does have a statistically significant positive relationship with the educational attainment of chronically poor individuals. Among the household employment characteristics, a larger percentage of adults working in the agricultural sector is associated with lower educational attainment. This relationship, however, is not significant in the case of the chronically poor group. On the other hand, individuals from chronically poor households that receive remittance income have significantly fewer years of education. This last finding suggests that out-migration of earning members of the chronically poor households might be having a negative impact on the education of their dependents. The availability of electricity for lighting purposes and access to a primary school within a reasonable distance should have a beneficial impact on educational attainment of both categories of poor individuals. The obtained results are largely consistent with this expectation. Although the coefficient on electricity availability is insignificant for the transient poor group, it does have a strong positive and significant association with educational attainment of the chronically poor individuals. The distance of the closest primary school from the household, however, has a significant relationship with educational attainment only for the transient poor.
Among the district characteristics, none of the variables has a statistically significant relationship with educational attainment at the 5% level. However, it should be pointed out that the coefficient on conflict intensity is significant at the 5.3% level. We would expect schooling disruptions in conflict areas to have a negative impact on education. However, interestingly, this coefficient is positive in value, indicating a slightly higher educational attainment in areas with more insurgency-related killings. Finally, the statistically insignificant coefficients on the stratum dummies suggest that when all the other variables are taken into account, location is not related to educational attainment in the case of the transient poor individuals. 30 But there is evidence that chronically poor individuals from the rural hills have more years of education than those from the mountains. Table 15 presents the decomposition analysis based on the regression results from Table  14 . For convenience, the variables have been grouped into broad categories consistent with the discussion in the previous subsection. As indicated in the table footnote, the gap in years of education between the two poverty groups is 0.244 years. The second column of the table shows the portion of this gap explained by the differences in the levels the different variables, while the third column shows the unexplained portion. The last column shows the combined contribution of each variable.
Explaining the difference in human capital accumulation
The totals row indicates that 0.164 (or 67.3%) of the total educational attainment gap of 0.244 years is explained by the differences in the characteristics of the two groups. The remaining 0.08 (or 32.7%) is the unexplained portion of the gap and can be attributed to structural differences in returns to these characteristics.
Let us again look at the contributions of ethnicity and economic status towards explaining the observed education gap. The difference in ethnic composition accounts for .05 more years of education for the transient poor group. This is consistent with the statistics in Table 13 , which shows a higher percentage of Brahmans, Chettris and Newars among the transient poor compared with the chronically poor. Similarly, differences in the levels of household wealth and per capita expenditure respectively explain .125 (or 51%) and 0.029 (or 12%) of the gap in years of education. In other words, the higher levels of wealth and expenditure of the transient poor group appear to have positively contributed to their higher educational attainment. Note that household wealth contributes more to the explained portion of the decomposition than any of the other factors.
The contributions of the differences in the levels of most of the remaining variables are negative, indicating that these characteristics put the transient poor at a disadvantage in terms of educational attainment. The exceptions are household human capital and access to schooling and electricity. The positive contributions of these two factors arise mainly from the higher levels of parental education and electricity access for the transient poor group (see Table 13 ).
When we look at the combined effects of the explained and unexplained contributions, district characteristics and household location rank at the top in explaining the educational attainment gap. They are followed by ethnicity and household wealth. It should be pointed out that in the case of ethnicity and wealth, both the explained and unexplained contributions are positive. Thus, the higher average educational attainment of the transient poor is explained not only by the more favourable ethnic composition and higher wealth levels of the transient poor, but also by more favourable returns to these factors. 
Conclusions
Nepal at the turn of the twenty-first century continues to be one of the poorest countries in the world. It also suffers from an ongoing violent political conflict, which is fueled in part by the high level of poverty characterising the country. There is thus an urgent need to gain a better understanding of the persistence of poverty and poverty dynamics at the household level in Nepal. This paper is the first attempt at rigorously studying poverty dynamics in Nepal. It has analysed the determinants of chronic and transient poverty using a nationally representative panel dataset of 962 households that is part of the Nepal Living Standards Surveys (NLSS) of 1995/96 and 2003/2004 . Suggesting that one of the consequences of poverty is its negative impact on asset accumulation, it has also looked at how human capital accumulation differs between chronically and transient poor individuals.
The full panel sample in the NLSS originally included 1232 households, and the 962 households in our dataset consist of only those households that did not drop out of the sample between the two years. But our analysis reveals that, in spite of the 22% attrition rate in the sample, the 962 households represent the nation fairly well. We have used measurement error-adjusted real per capita expenditure figures in the computation of poverty rates and in all the regressions. Our findings suggest that, on average, households in Nepal experienced a significant increase in economic welfare during the period under consideration. However, this increase favoured urban areas more than rural areas. Also while there was a small decrease in the poverty rate from 34.5% in 1995/96 to 33% in 2003/04, over 47% of panel households were poor in at least one of those two years. Among them, around 43% were poor in both years and the remaining 57% were transient poor. It is also interesting to note that the poverty status remained unchanged for 65% of panel households indicating little mobility across consumption groups.
We have used a multinomial logit model to analyse the determinants of chronic and transient poverty, paying special attention to three factors -ethnicity, human capital and wealth. Contrary to expectations, ethnicity does not have a significant association with either form of poverty, suggesting that observed differences in poverty status between ethnic groups can largely be explained by other household and community characteristics. Human capital, as represented by the percentage of household adults who can read and write, is a significant determinant of both chronic and transient poverty, though it is more strongly related to the former. Evidence on the importance of human capital is also provided by the significant relationship between district literacy rate and both transient and chronic poverty. Among the indicators of wealth, livestock value has a particularly strong and significant association with both forms of poverty. Another indicator of rural wealth -agricultural land value -is also significantly related to poverty in one of the models considered. Like human capital, agricultural land holding has a stronger relationship with chronic poverty than with transient poverty. As might be expected, the ongoing violent insurgency has a significant positive association with both forms of poverty. Finally, it should be emphasised that most of the factors that are associated with chronic poverty also have a significant association with transient poverty.
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While a household's initial level of human capital is an important determinant of both chronic and transient poverty, we also find that current educational levels of individuals differ according to their poverty status. Recognising the gap in the average education level between the chronically and transient poor individuals, we have used a version of the Oaxaca-Blinder decomposition technique to analyse the extent to which ethnicity, wealth and other factors explain the educational attainment gap. As a first step in this process, we investigated the determinants of human capital accumulation. The findings suggest that, for both chronic and transient poverty, the level of education is significantly higher for individuals belonging to the privileged Brahman-Chettri-Newar ethnic group compared with the other ethnic groups. Similarly, males have significantly more years of education than females for both poverty groups. The remaining factors, however, are either not significant or are significant for only one of the poverty groups. Decomposing the educational attainment gap between the transient and chronically poor individuals, we find that 67.3% of the gap is explained by the differences in the characteristics of the two groups. In particular, differences in wealth levels and differences in ethnic composition explain approximately 51% and 20%, respectively, of the educational attainment gap between the transient and chronically poor individuals.
The above findings have a number of important implications for anti-poverty policy in Nepal. First, note that the total chronic plus transient poverty rate of 47% during the 1995/96-2003/04 period is considerably higher than the 2003/04 static poverty rate of 31% published by the government of Nepal (CBS, 2006) . This suggests a need for policy-makers to take a dynamic view of the poverty situation in the country so that they can better understand the magnitude of the problem.
Second, the fact that the chronically poor and the transient poor constitute 43% and 57% of the total poor (chronically plus transient poor), respectively, means the government should have concrete policies to address both types of poverty. In the case of the transient poor, policies are needed to help households smooth their consumption over time. While the actual interventions for achieving this goal would be context specific, they would generally encompass measures to encourage insurance schemes and safety nets (Haddad and Ahmed 2003) . 32 On the other hand, tackling chronic poverty would require policies that assist households in increasing their assets.
31 McCulloch and Baulch (1999) report a similar finding for Pakistan. 32 Examples of relevant interventions include crop insurance, health insurance, mirco-credit, and food price stabilisation schemes (McCulloch and Baulch, 2000) . Third, the regression results also emphasise the importance of asset accumulation in reducing poverty, especially chronic poverty. The significance of human capital, agricultural land value, and livestock value support arguments for further government investments in education, agricultural development, and general rural development. They also call for macro-polices that promote rural-centred broad-based growth, further the development of markets for agricultural products and expand safety-net measures in the agriculture sector.
Fourth, the significant relationship observed between violent conflict and both forms of poverty highlights the urgency of finding a permanent solution to the Maoist insurgency in Nepal. Analysing the linkage between conflict and poverty, a number of scholars note that long-term conflict causes chronic poverty and chronic poverty itself contributes to violent conflict (Goodhand, 2003; Justino, 2006) . Goodhand (2003) also suggests that transient poverty probably has a more significant impact on conflict and peace than chronic poverty. Following this logic, it can be argued that in order to fight chronic poverty, the government of Nepal needs to aggressively pursue polices for reducing transient poverty while seeking a permanent peace settlement with the Maoist insurgents.
Fifth, the high degree of overlap between the significant variables in the chronic and transient poverty regressions suggests that most of the poverty reduction policies recommended above would have a positive impact on both poverty groups. For example, while investments in human capital and agricultural development may be expected to have a significant impact on chronic poverty, they would also have some impact on transient poverty.
Sixth, while ethnicity does not have a significant association with either form of poverty, it is important to remember that it is significantly associated with human capital accumulation. Given that one of the major policy measures for reducing chronic poverty is investment in human capital accumulation, targeted policies aimed at enhancing the educational levels of Dalits and Janajatis are quite relevant for tackling chronic poverty.
In closing, we would like to reemphasise that this study is based on just two waves of a panel survey. This fact, along with the relatively long time gap between the two surveys, means that we have been able to obtain only a partial picture of the economic fluctuations experienced by households over time. Another limitation of this study is the absence of data on shocks experienced by households between the two surveys. 33 In many cases, households might not have been able to escape poverty or might have fallen into poverty because of unexpected natural and personal disasters. In spite of these limitations, we believe that the findings presented here should give readers a much better understanding of poverty dynamics in Nepal.
